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Agents v Workflow

Definition (Anthropic)
e "Systems where LLMs dynamically direct their own processes
and tool usage, maintaining control over how they accomplish

WORKFLOW AGENT
Traditional Workflows (Deterministic) bl Skl oy by

. . . What's th
e Predefined, hardcoded code paths (if/else logic). Q W best approcch
n . . n n here‘?

e Brittle: Fails immediately on edge cases or if an APl response m——— =
a
Changes_ with prompt . .

~

. . . Database ~~a Web
e Requires exhaustive human foresight. Service
T R ¢--- @
- - CALC SRCH
Agentic Systems (Model-Driven) Execute I Execute Calculator - A ..
. . ; Action A Action B ’ ~
e The LLM acts as the dynamic routing engine. ™ =)
- . Email . .
e Resilient: Can encounter an error, read the stack trace, and 3 Frediciatng %« Flexible X Expensive
] ] _ + Debuggable v Adaptive X Unpredictable
rewrite its own execution plan. v Cost-efficient

e Uses Tool Calling (via JSON schemas) to interact with the
external world autonomously.
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Agents v Workflow
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Workflow (Chain/Graph)

Code + LIM based flow

Deterministic flow
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Agents (LOOP)

LLM controls the LLM

non deterministic /aolapt?ve,
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Core Agent Loop

)\, OBSERVE Generate Final i Output
= ) Read con:rext next task Response @ to User
I%,QJI, fil lous Step complet Synthesize E
= l...esi prev;:us information and %
itk format answer
2. THINK
‘@é@: — decide Oblserve (Ingest Context)
-'7'9;} altat to'do next action Think (Reason and Plan)
plan approach Act (Execute)

3 ACT
Call a tool,

result edit a file, run
/ a command

Action results feed directly back into Observe, stacking tokens and continuously growing the
context window. (The Context Snowball)




Components of a Agent

\
4 LLM a The laop h
- Core Reasoning Engine I(e,e,Ps. tnking decisons
Make decisions until task/Plan is done
4 Me.mnl"l/ h
Age.nt —] - conversation lﬂistorl/

=>| - cla«uole..mol

, - supermewory.ai / providers
4 Tools/MCP R - i i P
- call ap'is

- file o cpe;ra.t?ons

- search web \(
\_ ) - Actions ]
T

"We shouldn't think of LLMs as chatbots. We should think of them as the core processing unit of
a new operating system.” — Andrej Karpathy



Definition of Done

e Al generation scales exponentially, but
numan review capacity does not.

AGENT VS. HUMAN VELOCITY (Relative Comparison)

"Done"” can no longer just mean "a human
reviewed it."

AGENTIC SYSTEM :
= OUTPUT e |[f a machine generates 10x the code, a
= L
5 numan reviewing it in the same amount of
=
S time is no longer providing a safety net
o
= HUMAN-ONLY
= VELOCITY
7

TIME (Relative)

Generation capacity increases while validation capacity is constrained.



Definition of Done

B , Completion vs. Alignment (Surface vs.
THE COMPLETION GAP (Traditional vs. Agentic Done)

Structural)
Surface
Compliance
REQUIRED AGENTIC e The Problem: Agents are great at producing
“DONE" “DONE" : :
code that looks complete (it compiles, passes
Accountable Architectural existing tests, and follows basic

Ownership ] Alignment

conventions).
e The Implication: Traditional DoD focuses on
surface correctness. Agentic DoD must focus
| on structural alignment (Does it respect
Boundary Inspectable architectural boundaries? Does it actually
Control Reasoning solve the business intent?).

{tcou ntability

TRADITIONAL
“DONE" CHECK



The lllusion of Intelligence

Harness (Runtime Engine)

~
skills
il rompts file system
(MCP/ custom) prome 1S

4 N\ N

agent core loop capablities and orchestration

=

(think -> act -> observe) (me.mbrlh sul:a.sre,n‘bs, hooks)

\_ AN Y

l

Model Layer (any Provtole.r)

Harness is the deterministic infrastructure
that gives the LLM hands, eyes, and memory.

Here LLM is merely the CPU

Harness is the Motherboard!

We do not engineer intelligence; we engineer
the execution environment.



MCP

before MCP,

: MxN Custom .
‘*‘ Y Integrations o ‘

3 x 3 =9 integrations

LMs are isolated. Building bespoke APl connectors for every model to every data source creates an
unmanageable M x N integration nightmare.



MCP

MCP acts as a "universal translator” (Client-Server architecture).

Al Applications (M) Model Context Protocol Data Sources (N)

‘ Al App 1 }4: MCP Clients J ——>| Database ‘
\ J é A é : J
‘ Al App 2 }<__< M+N Implementations ,__>| Document Repo ‘
‘ Al App 3 }4—— [ MCP Servers =>| AP Service ‘

3 + 3 = 6 implementations



1. Just the LM by itself 2. LLMs + Tools 3. LLMs + MCP

r \ . . .
' \ Tools #1 p \ - ~ Service #1
‘ / )

S J [
| y, \ y Service #2
Tools #3
- J .- J

MCP Servers MCP Clients App

— \ Servers pmu’iole, context, ‘tools, Clients maintain 11 connections
) and promets to clients with servers, inside the host app
MCP Client MCF Server — Service (T =,
MCP Protocol : Ma't]ﬂ : r—_\‘
J — Each server : : Claude Claude
Tewmpe can have : ::fji{) : alesktop - ~ O!E_Sk'tOP
Windsure MM'?’ tDOlS : i QPP c_lien't QPP
| | ( ‘
! : load _,mcp._.‘too[s.
Maintained I-h:i'r Service Provider : : P’f C.he_l'\t — L&“?G’mph
\ ! Age_n‘t
\ !

— /




Welcome back Fanpit!

Tools for claude.ai FanDesk

403

T 14.
1S.
16.

} 17.

delete_outbound_webhook
batch_create_tasks
batch_update_tasks

batch_search

get_todays_schedule

* Claude Code

Tips for getting started
Run /init to create a CLAUDE.md file with instructions for Claude
Note: You have launched claude in your home directory. For the best experience, launch it in a p

Recent activity

.1.118

Welcome back Fanpit!

FanDesk

delete_outbound_webhook
batch_create_tasks
batch_update_tasks
batch_search

get_todays_schedule

™. to navigate - Enter to

* Claude Code

Tips for getting started
Run /init to create a CLAUDE.md file with instructions for Claude
Note: You have launched claude in your home directory. For the best experience, launch it in a p



Self-Modifying Instructions

' Ty '
session start — ¢
k- oy -

agent reads CLAUDE.md

Containg all the prev
rules/preferences

—'\\

~

next session

A

over time

— | agent works on the tasks

to CLAUDE.md
agents gets better with your preferences
k_ J
) s 0
all ta:aks done agent continues to work
session ends with the new rule
J \_ v,

; ™
user corrects a mistake

. J

. )

agent learns from this
mistake I:l:{ adc‘ing a new rule




Self-Modifying Instructions

The Problem:
By default, API calls are stateless. Every new

session starts with zero memory of past |
mistakes.

session start

™ i

nsent reads CLAUDE.md

Contains all the prev
m[esfprngrences

The Solution:
A static markdown file prepended to the top of

every conversation chain acting as long-term
persistent memory.

-,

[ next session j
|l‘

agents gets better with your preFerence.s

over time

— | agent works on the tasks

-

' )

oy

session ends J

all tasks done

user corrects a mistake

agen‘t learns from this
wistake Lt.'( n:‘o!‘ms a new rule
to CLAUDE.md

nse.nt continues to work
with the new rule




Self-Modifying Instructions

~
K/ L
=§! Level 1: “Global CLAUDE.md"
,-@ user-wide rules that apply to ﬁ'll.lr. projects 5
v
Level 2: “Project CLAUDE.md" I\
@:5;—_ Repo-specific rules, coding standards,
<] and architecture decisions
When rules
conflict
B Level 3: “Matched Skills” —> Most
Nf/“= . Task-specific SOPs loaded on Specific
@ demand based on user requests Wins

— v Level 4: “Inline Prompt”
E_: Current specific
instruction given




Prompt Contracts

The Problem: Agents are "path-of-least-resistance” engines. Without a contract, they will take
shortcuts, hallucinate tools, or ignore architectural boundaries.

[\

'l ™

~ ™

pre,c:?se. spec graale.
output

vague task:
build me a web app

Failure Modes
wWhen should the agent stop and ask a human?

f Success Format
The exact ISON schema/Test Suite).
' Drow a large "STAMP" falling on the contract

labeled "HARNESS APPROVED."

The Solution: A mandatory pre-execution phase where the agent drafts and "signs” a technical
spec.



Reverse Prompting

- )
_ . step 2: agent asks 5 questions step 3: user answers then
step T user gves ‘f"tt‘“‘s" to the _ 4 clarifying doubts before —— 3 agent starts working on the
ai agen starting tasks
. y, - W, - J
e ™ r A

nge.n't hallucinates and starts

w‘tkout FAAAEEE Promp'bmg.... I making aSSump‘bIonS

The agent is forced to analyze the request and ask 5 dynamically generated clarifying questions
before taking any action.

Goal: Maximizing the "One-Shot" probability. The agent uses your answers to dynamically generate
the final Prompt Contract.



Multi Agent Orchestration

Single agents acting as architect, developer, and tester simultaneously suffer from "Context
Collapse.”

e Focused Roles: One agent = One strict system
[ Orchestrator ] orompt
e Isolated Context: Agents only receive the exact
data they need, reducing token bloat and
hallucinations.
N - e Adversarial Loops: "Dev" agents write the code;
[Worke.r Agent #1] [Worke.r Agent #2] [Worlce.r Agent #3] "Red Team” agents try to break it.

Al orchestration must mirror human engineering teams.

N4

Aggregated Response



Multi Agent Orchestration

some models are better at some tasks

Claude Code:
THE MANAGER
plans + reasons) -

frontend task backend task

\usk test task

p
Gewmini Worker 1:
Build UI

Codex Worker 2:
Build API

=8

I

o
N0

Codex Worker 3: Claude: Collect +
eri'e Tests Validate Results

Nu

\L/

. l Merge All Claude Fixes
. Changes Integration
q)

Done

Issues



Multi Agent Orchestration

some models are better at some tasks 3 Task Input

l a
[Q Router Decision Hub }

\ )
C‘] Nead to watch 4 Need cumplex @ Need sandboxed @ Need real-time
wdeo? u reas.omng? @ code executinn? Q web data?

|

-:§} Route tu Claude - Route I:o Codex -'E} Route to Perplexity
*{® (best logic + planning) “® (cloud cuntmnm) ll (live search)

| |

(Model Gemnm Result ] [ Model Claude Result ] ( Model Codex Result ] [ Perplesetity Result ]

)[ Unified Output / Response](

Right model for the right job

[ Route to Gemini

® (video understnnding)




Multi Agent Consensus

:

Co® | o® |[ o®
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Like polltng 10 experts
instead of nsking one




Multi Agent Consensus

~

(gﬁg 10 Agent Responses

L

I?} Count Agreement
on Each Idea S

{@ 7-10 out of 10 agree] @Ié 4-6 out o? 10 agrea [ = 1-2 out of 10 agree ]

CONSENSUS: <§ DIVERGENCE: OUTLIER:
& Safe Bet f Judgment Call wild Card

L\igk confidence needs human decision e?'tlne.r l::r‘i"iant or L\a”ucina‘tion

A




Sub-Agent Loops

Pairing a generative agent with a highly critical reviewer agent.

Task amve,s
P

{

[</> Agent 1: IMPLEMENTER J

writes first draft of code

\L Code output passes to

P 2: REVIEWER
Imple,me,n‘b - Review = Resolve & (spawned with fresh context, no bias)
SN reviews For correctness, edge cases, simplification
List of issues + \[/

Suggeﬁtiﬂﬂs passes tcf Issues found? \ No ssues

=

ggj;[ :sﬁLVER] [ﬂé Code approved as-ISJ

L{ﬁ Final verified code output]




Sub-Agent Loops

fresh context matters here, it helps get a fresher perspective

—>

>

_[

N
[é\,,. 200K tokens of
S ie)

Q IMPLEMENTER
AGENT

accuhulated context )
: N
_FJ“-TL Remembers every wrong
I:',fll_ turn and dead end 3
P ™
N Has sunk-cost bias
—-“(.f"')- (“I wrote this, it must be right”)
\_ .
(= N
/@\E Blind to own mistakes
\! "

v

REVIEWER
AGENT
y
2
Fresh empty
context window )
g

Only sees the final

output (not the journey)
L

e ™
m No emotional
attachment to the code
@ Y,
& N
&k Catches what
implementer missed )
<

-

BETTER
OUTPUT g




The Context Iceberg

As the iceberg grows, model attention degrades.

ABOVE

P

In Context

10% )

ey

CLAUDE.md

(learned patterns)

n W

MEMORY.md

! (project rules)

)

N

Current task |
context

E

Active file
contents

\.

)

BELOW

The key insight: only\surface what matters NOW

needs, when it needs it

TAgent pulls what it

ccessible Un mand via 100Is
g Accessible On Demand via Tool 90% )
& s N ~
ull codebase Ny File contents eb data
</>FI| deb é Fil é Web d
(via Grep/Glob) (via Read) (via WebFetch) r‘
- y - y _4
n 4 = 2 h 4 -
r’: Previous sessions - Skltllslllb;a;y - Git history
(via memory files) (auto-loaded when (via Bash)
\L AS needed) J N J)

Solution Context pruning (Smart compaction/ summarizing)



Engineering?

e Foundation models (Claude, Gemini, GP

Why Focus on Harness

) are converging. The delta in

raw intelligence is shrinking, making the base model a replaceable

utility. (OpenCode)

e A model with 95% accuracy fails in production. Harnesses (via MCP and
Verification Loops) bridge the gap to 99.9% reliability.

e You don't own the LLM. Your proprietary value is the environment you

build around it



My current build stack

glnos‘tly + claude code

Cursor ide codex desktop app
+ agents ol | local code review
(pro student plam) cm:'oeb;a;azan 20% plus plam

s

github pr review
devin review (free) - private repo

coderabbit (free)- public repos




short demo of a useful
agent




thanks for your time!

No better time
to start tokenmaxxing

next up: vO




what is zero to agent?

A global build week where we ship real Al agents
with vO and Vercel



Hackathon Tracks

VO + MCPs

Use vO to rapidly build an Al
app or agent that connects to
at least one MCP server.

vO generates React/Next.js code from
natural language — describe what you
want and iterate in real time. Connect to
MCP servers (Vercel MCP, custom-built,
or third-party) to give your app access
to external data and tools. Examples: a
dashboard that reads from GitHub via
MCP, an assistant that queries your
Vercel deployments, or a support agent
wired to a knowledge base.

/Vercel WDK

€

N

Build long-running, durable
async agents with the
Workflow Development Kit.

Your agents survive crashes, resume
after deploys, and can pause for

minutes or months. Use [“USe/WorKflow"
and [use step” directives to make
async functions durable. Pair with
DurableAgent from
@workflow/ai/agent for Al-powered

workflows with built-in streaming,
retries, and observability.

y

ChatSDK Agents

Build agents using Vercel Al
SDK + Al Gateway + ChatSDK
that interface across Slack,
Discord, Teams, GitHub, and
more.

Write your bot logic once with the Chat
SDK [Apmiehat, then deploy to every
platform via swappable adapters. The
SDK handles event routing, streaming,
JSX cards, and distributed state. Pair
with the Al SDK for LLM reasoning and
the Al Gateway for multi-provider
access.



resource link ] )

https://vercel.notion.site/
02agentresources



getting started with vO

signup to vO.dev and get 5S credit

scan the grcode (https://vO.link/SLWENCe) F ? !

to get 30S credit to start building (Link active only
today) E |_ rm




nappy bullding!

Scan the QR code orgoto community.vercel.com/host/zero-to-agent-2026.

E':-".':"HIE.I

This is where submissions go and where the global competition lives
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